Provided for non-commercial research and education use.
Not for reproduction, distribution or commercial use.

Volume 14, June 2013 ISSN 1476-945X

ECOLOGICAL
e COMPLEXITY

the occasion of :
Hotst Matchion's An International Journal on

60th birthcay BIOCOMPLEXITY IN THE ENVIRONMENT
AND THEORETICAL ECOLOGY

Editor-in-Chief:
Sergei Petrovskii

This article appeared in a journal published by Elsevier. The attached

copy is furnished to the author for internal non-commercial research

and education use, including for instruction at the authors institution
and sharing with colleagues.

Other uses, including reproduction and distribution, or selling or
licensing copies, or posting to personal, institutional or third party
websites are prohibited.

In most cases authors are permitted to post their version of the
article (e.g. in Word or Tex form) to their personal website or
institutional repository. Authors requiring further information

regarding Elsevier’s archiving and manuscript policies are
encouraged to visit:

http://www.elsevier.com/authorsrights


http://www.elsevier.com/authorsrights

Ecological Complexity 14 (2013) 75-84

Contents lists available at SciVerse ScienceDirect

Ecological Complexity

journal homepage: www.elsevier.com/locate/ecocom

Original research article

Reduction of slow-fast asymptotically autonomous systems with applications
to gradostat models

M. Marva ** R. Bravo de la Parra?, J.-C. Poggiale”

2 Departamento de Fisica y Matemdticas — Universidad de Alcald, 28871 Alcald de Henares, Spain
b Aix-Marseille University — UMR 7249 MIO (CNRS), 13288 Marseille, France

ARTICLE INFO ABSTRACT

Article history:

Received 12 June 2012

Received in revised form 8 February 2013
Accepted 11 February 2013

Available online 22 March 2013

Two distinguishing features characterize the population dynamic models considered in the present
work. On the one hand, we consider several interacting organization levels associated to different time
scales. On the other hand, the environment tends to be constant in the long term. The mathematical
representation of these properties leads to slow-fast asymptotically autonomous systems. These
characteristics add some realism in the models. However, the analytical study of this class of systems is
generally hard to perform.

Here we present a reduction technique that can be included among the so-called approximate
aggregation methods. The existence of different time scales, together with the long term features, are
used to build up a simpler system, which can be described by means of a lower number of state variables.
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The asymptotic behavior of the simplified model helps to study the original one.
The reduction procedure is formulated in a general way. Following, two illustrations of

asymptotically autonomous models with two time scales, in a gradostat, are given: a consumer—
resource model and a competition model. Finally, a wider range of applications is suggested.

© 2013 Elsevier B.V. All rights reserved.

1. Introduction

An accurate description of systems in Nature needs combining
different processes which are often related to specific scales.
Hierarchy theory provides the conceptual framework of how
processes and components of an ecological system interrelate and
how they can be ordered (Lischke et al., 2007; Schneider, 2001) in
different hierarchical levels. Simplifying the mathematical models
representing these natural systems has to do with translating the
effect of processes acting at a specific scale into an upper scale,
what it is called up-scaling.

From a mathematical point of view, a model involving several
interacting organization levels can be described through a system
including several time scales. Indeed, each organization level
consists of some interacting entities with their own dynamics.
Those entities belonging to a given level with strong (or fast)
interactions can be grouped giving rise to the entities at the next
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level. For instance, a population can be seen as several sets of
individuals, each set being characterized by a similar trait. This
description, based on a structured population, can be useful to
understand the role of the structure on the population dynamics.
When considering a community, if possible, the different sub-
populations are merged: the population as a whole is considered
for the study at the community level.

Mathematically, the process of up-scaling consists in deriving
global variables and their dynamics from those in the lower level.
Roughly, this is done by considering the events occurring at the
fastest scale as being instantaneous with respect to the slower
ones. This consideration entails a reduction of the number of state
variables and parameters needed to describe the dynamics of the
system at the upper level. The so-called aggregation methods are an
example of this general framework, see Auger et al. (2008, 2012)
for recent reviews. These methods study the relationship between
general classes of two time scale systems and their corresponding
aggregated or reduced ones. In this way, they supply a rigorous
support to simplifications that some models implicitly incorporate
without any further justification. With these methods we can
develop realistic models in a more detailed form, while keeping
them mathematically tractable aided by an appropriate reduction
of the dimension.



76 M. Marvd et al./Ecological Complexity 14 (2013) 75-84

Aggregation techniques for autonomous ordinary differential
equations are well established. The approach is based upon the
Fenichel theorems on persistence of invariant manifolds, Fenichel
(1971), and on the geometric singular perturbation theory,
Verhulst (2005, 2007). The general form of the system with two
time scales in R™ reads as follows:

an — fmy+ estw), (1)

where functions f and s describe, respectively, the fast and slow
processes. The parameter ¢ is a small positive constant represent-
ing the ratio between time scales. We note 7 and t=e¢rt,
respectively, the time variable in the fast and the slow time units.
We assume that there exist some constants of motion for the fast
part of the system, obtained with ¢ = 0. These constants of motion
are called global variables. Then, a change of coordinates is
performed in order to used them explicitly in the model. Since they
are constant of motion for the fast part, it follows that they exhibit
a slow dynamics. The remaining variables are called fast variables,
which are assumed to reach an attractor (a stable equilibrium for
instance). Note that this attractor may depend on the global
variables. A reduced system, called aggregated system, for these
global variables makes easier the study of the asymptotic behavior
of system (1).

Autonomous systems, like (1), reflect the assumption of
constant environment. A lot of ecological questions of interest
involve variable environments and hence nonautonomous, or time
dependent, systems. The general form of nonautonomous system
with two time scales fits in the framework of singular perturba-
tions by Hoppensteadt (1966, 1993, 2010). The drawback in
applying these results lies in checking the assumptions, which may
be a very technical and difficult task. A useful approach in this
context, consists in finding particular forms of systems for which
Hoppensteadt assumptions are easily proved to be met. When this
goal is reached, a practical approximate aggregation technique is
available. In Marva et al. (2012c) this program is carried out for
systems with two time scales and periodic terms which period is of
the order of the slow time scale. They could be written in the
following form

dn
dt

where f and s are taken to be periodic functions of t=¢t. The
reduction techniques presented in Marva et al. (2012c) are further
applied to epidemic models in Marva et al. (2012a,b).

The goal of this work consist in presenting the aforementioned
reduction procedure for a class of nonautonomous systems with
two time scales, of the form:

= f(et,n) + es(et,n),

% = f(t,n)+es(t,n),

where f and s are asymptotically autonomous (in the sequel, A.A.)
functions. Roughly, an A.A. system could be described as a time
dependent system such that the explicitly time varying terms tend
to be constant (Thieme and Castillo-Chavez, 1995; Li and Wang,
2007). I other words, the explicit time dependence disappears in
the long term. To illustrate what is an A.A. system in a simple
context, let us consider a model of a population in a pond. We
assume that water enter and leave the pond at the same rate so
that its volume remains constant. The incoming water has a
constant concentration of a certain substance that affects the
species inhabiting the pond. Then, their environment inside the
pond is variable and it is possible to describe their dynamics with a
nonautonomous system. However, the amount of substance in the

pond tends to stabilize attaining the same concentration as in the
incoming water. Consequently, the species vital rates depending
on the substance concentration are eventually constant, i.e., the
system is A.A.

A model with two time scales for two competing species
inhabiting an A.A. environment, similar to the one just described
above, is presented in Section 2.2. Subsequently, it is analyzed in
Section 3.2 with the help of the reduction technique developed in
Section 3.

The main results on A.A. systems are due to Markus (1956) and
Thieme et al. (1995). Under certain conditions the asymptotic
behavior of an A.A. system can be obtained from an associated
autonomous system called limit system (the precise definitions
can be found in Appendix A). The use of this limit system together
with the results in Hoppensteadt (1966, 1993, 2010) provide the
reduction procedure that we present and apply in this work.

Section 2 presents two models with two time scales. The one in
Section 2.1 is autonomous. Solving it partially, for one of the variables,
yields a new system with one variable less, but at the cost of becoming
A.A. The model in Section 2.2 has already been mentioned. Section 3
is devoted to the presentation, step by step, of the reduction
technique. This is followed by its application to the analysis of the
models introduced in Section 2. All technical details and general
results are collected in Appendix A. In Section 4, we discuss our
results and suggest further applications, as for instance, how to deal
with two time scale models coupling A.A. and periodic terms.

2. Two time scale asymptotically autonomous models

In this section we introduce two population models in a
gradostat. Both include two time scales and can be represented by
A.A. systems.

2.1. A consumer-resource model in a gradostat

The model presented here has not been analyzed elsewhere and
it is related with the work in Loreau (1998, 2010) (in particular,
pages 44-45 of the latter). There, it is addressed an ecosystem
model consisting of N plants having limited access to an inorganic
nutrient in individual depletion zones.

Here we consider a gradostat consisting of chemostats 1 and 2
connected as shown in Fig. 1. Both vessels are shared by primary
producers and producers’ nutrient, and vessel 2 also hosts
consumers of primary producers. Variables S; and P; are the
concentrations of nutrient and primary producers in vessel i =1, 2,
and variable Q is the concentration of consumers in vessel 2.
Constant D denotes the dilution rate (1/time) that represents the
inflow to vessel 1, the flow from vessel 1 to vessel 2, and the
outflow from vessel 2, so that the medium in each chemostat
remains constant. The concentration of the input nutrient is Sp
(mass/volume) so that I = SpD is the nutrient inflow (mass/time).

We assume, in the general case, that producers consumption
rate is proportional to the availability of nutrient and so it has a
general form v(S;)P;. In absence of consumers, the equations
describing nutrient and producers concentration dynamics in each
chemostat are

ds

Ul—;:I—Ds1 — v(S1)Py,

952 _ (s, = Sp) — (Sy)P

dr = 1 2 2)F2, (2)

dpP
? = o 1(S1)Py — DPy,
d_‘[z = DP] +Dl21/(52)P2 — Dpz,

where «;, for i=1, 2, are positive constants denoting conversion
efficiency factors.
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Fig. 1. Scheme of the gradostat.

When incorporating consumers into system (2), we assume that
their vital processes are slow when compared to those of nutrients
and primary producers. The consumers consumption rate of
primary producers is given by the nonnegative bounded function
Y(P,, Q) that vanishes for P, = 0 or Q = 0. Consumers concentration
is supposed to follow a logistic growth law with constant growth
rate A and carrying capacity K(P,). Function K is nonnegative and
bounded and verifies that limp, _.o K(P;) = 0. Consumers do not
move from chemostat 2. At this point we make no further
assumptions on Y(P,, Q) and K(P,).

In order to get an analytically tractable model we choose the
following form for nutrient consumption rate v(S;) = &S;, where & is
a positive constant. For the sake of simplicity we also consider
a1 =0y =a, what means that environmental conditions are
identical in both chemostats.

The model including consumers that takes into account all the
stated assumptions has the form:

ds,

E:I_DSI —&£5,Py,
§:D<s1 —52) — £S2Ps,
1
EIO{&S]P] 7DP17 (3)
d_1'2 = DP; + aéS,P; — DP; — £Y'(P,,Q),
aQ | Q
=1 k)

where ¢ is the small positive constant representing the ratio
between time scales.

System (3) is autonomous with two time scales. An appropriate
change of variables allows solving for one of the new variables
obtaining a less dimensional system, which is nonautonomous
though A.A.

We first define the new variables S; = «S;, for i = 1, 2, and the
new constant [=al and we write again system (3) for them,
though keeping notation without hat, obtaining

ds
E?:I—D&AQ&PM
Ef:ma—&g—ﬁfz
1
ED?:fgs,m]fpph (4)
T; = DP; +£S,P, — DP, — ¢T(P3,Q),
dQ Q
ar =01 kg )

If we consider now the total concentration of nutrient and primary
producers in chemostat 1, By = S; + P;, we see that it satisfies the
equation

dB;
Gp=1-DBi.

which solution, for a given initial condition B;(0), is

Bi(T) = So + € P*(B1(0) — So).

We can interpret the new variable B, as the total concentration of
potential resource in chemostat 1 available for individuals in
chemostat 2. We point out that the contribution of S; and P; to So,
the asymptotic value of B;(7), can vary. We can eliminate variable
S1 in system (4) by using the substitution S; = By — P; what yields

ds

g—I;:le( ) = P1 = 52) — §5;P,,

gz = &Bi(1) — P1)Py — DPy,

dp, ()
2

E:DP] +§52P2 —DPZ —ST(Pz,Q),
dqQ Q
E-SAQ(I *m>,

which is a A.A. system since lim; _, . B;(t) = So. We can see B; as a
time varying environmental constrain that tends to a constant
value in the long term.

2.2. A competition two time scale model in a gradostat

The model proposed in this section is inspired in Li and Wang
(2007), where a problem on environmental toxicology was
addressed. Namely, the authors considered an A.A. system
describing the dynamics of a mutualistic community inhabiting
a polluted environment such that the amount of pollutant is
changing but tends to a constant level in the long term.

We consider here a gradostat which schematic diagram is
presented in Fig. 2. It consists of two identical chemostats,
connected so that a flow between them occurs, and such that each
chemostat has a separate inflow and outflow to the outside
environment. In the gradostat there are two competing species
affected by a pollutant input from an external source. We assume
that the pollutant moves all across the gradostat while both species
keep in the gradostat and can only move from one vessel to the
other. A final assumption is that both pollutant and species
transfers are fast compared to species demography.

Fori,j =1, 2,let n;(t) denote the size of the species j and Si(t) the
concentration of pollutant in chemostat i at time 7. Positive
parameters m;, m" and m¢, i=1, 2, represent the different
medium transference flows and their units are volume/time. These
rates keep constant the medium volumes, that we consider equals
to 1, in both vessels. The species transference rates are assumed to
be §m; for displacements from chemostat 1 to chemostat 2 and §m,
in the other sense, where § is a positive parameter. Constant e; is
the concentration of the pollutant entering chemostat i, i=1, 2,
mass/volume.

Competition in each chemostat is described by a Lotka-Volterra
model where A;, species j growth rate, K; species j carrying
capacity, and a;, competition coefficient on species j, j=1, 2,
depend on S;(7), the concentration of pollutant in the chemostat i,

n in

ml* €1 m2+ €9
1 my
—>
nit, n12<m—2 Na21, N22
out
msg

Fig. 2. Scheme of the gradostat.
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i=1, 2. Finally, the system takes the form

‘Zlirl = —(my +m“)S; +m2S; + mier,

% =mSy — (my +m3")S; + m§n€27

dg% = —8mqnyy + 8mynyy + erq(S1)n11 (1 _ %)
dg% = dmynyy — Smany; + Ay (S2)nay <1 _ %S)z)”zz)
dg% = —8myniy + Smany + Xy (S1)n12 <1 _ %)
dg% = 8myny; — Smynyy + Aa(S2)M (1 _ %)

(6)

where, as usual, ¢ is the small positive parameter representing the
ratio between time scales. Pollutant equations form themselves a
linear, uncoupled system which can be straightforwardly solved.
Substituting the explicit solution (S;(7), Sz(7)) into the equations of
species population sizes, ny, we get the following four dimensional
nonautonomous system with two time scales.

%: Smynyy + My + & (S1(T)My (1 ,%>
%:Smmn —8mynyy +eXq (S2(T))n2 (1 7%)7
%: —8my Nz +8Manyy +6A2(S1(T)N12 (1 ,%) 7
%:Smlnzz —8myMNyy + ey (S2(T))nyy <1 ,%)7

(7)

v!high is A.A. since lim;_, ., S;(t) =S;, i=1, 2, where equilibrium
(51,S,) is the solution of system

{o = —(my +m§"™)S; +m,S; + miley,
0 = myS; — (my +m§"H)S, + mie;.

3. Approximate aggregation of two time scales asymptotically
autonomous systems. Analysis of systems (4) and (6)

The analysis of systems (4) and (6) relies on a reduction
technique whose mathematical justification is addressed in
Appendix A. For the convenience of the reader we present here
a step-by-step description (how-to) of this technique. System (6) is
of the general two time scale systems form

dn
dt

described in the introduction while system (5) is already in the so-
called slow-fast form

= f(t,n) +es(t,n), (8)

%:F(r,x,yHaH(f,x,y%
dy =&S(T,x ”
ar = SExy).

where variables x and y are known as fast and slow variables,
respectively. Though there is no general rule to transform the
two time scale system (8) into its slow-fast form (9), in concrete
applications it is possible to derive such a change of variables

n+— (x, y) having in mind that slow variables are invariant
for the fast dynamics. In Section 3.2 we see for system (6) that
the total population size of each species is invariant for the
fast process which is given by the displacements between
chemostats.

Let us describe the reduction procedure.

1 Getthe limit system. Functions F, H, S are A.A. and we can calculate
Jx,y) =lim;_ . J(z,x,y), for J€{F,H,S}. The limit functions J
describe (roughly) the value of the derivatives of x, y for very
large time values, which tend toward a constant value. With its
help we set up the limit (autonomous) system

X Foxy) + eHix.),

(10)
dy _ eS(x,y)
dri ?y

2 Find the fast equilibria. We consider y as a parameter and look for
the asymptotically stable equilibria of equation

dx —
E:F(X/y)

First we solve for x'(y) equation
0=FXx¥).y).

and then we must prove the asymptotic stability of x'(y). In
particular, we can do it by linearization, that is, we check that all
the eigenvalues of the Jacobian matrix

LF(x*(v),y)

have negative real parts for every y in the corresponding domain.
These equilibria are known as fast equilibria.

3 Build up the aggregated system. Finally, we substitute x by
x'(y) in the second equation of system (10) and change T into
t=¢t to obtain the aggregated system for the slow (global)
variables
Y sy, ()

Under certain hypotheses (see Appendix A) the asymptotic behavior of

system (9) (or the equivalent system (8)) can be described by means of

the fast equilibria x (y) and asymptotically stable solutions of system

(11).

It is interesting to point out that there are as many aggregated
systems as different manifolds x*(y) of fast equilibria (see, for
instance, Auger et al. (2009)).

In the following, we apply this technique to the study of the
models presented in Section 2.

3.1. Analysis of system (4)

We study system (4) by means of the equivalent A.A. system
(5).In order to relate system (5) and the A.A. prototype (9) we can
take as fast variables x = (S5, P;, P>) and as slow variable y = Q and
thus

D(Bi(t) — Py — S3) — £S,P; r

F(t,x,y) = &§(B1(t) — P1)Py — DP,
DP; + %'52132 — DP,

H(t,x,y) = (0,0, Y(P;,Q)) and S(r,x,y):xq(u%),
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where T denotes transposition. We now follow the step-by-step
reduction procedure:

1 The corresponding limit system is obtained replacing B;(t) by
lim;_, . B1(7) = Sp, obtaining

ds
Gy = D(So— P1 = 53) — £S,Ps,

dp

T‘L}:E(SO?Pl)Pl 7DP],

dp,

E = DP1 —‘,-552132 —DPZ - ST(P27Q)7
dQ Q

E*‘”\QO ’K(Pz))

Thus, F(x,y), which does not depend on y, is
D(So — P1 = S2) — £S2P;

Fx)=| &@So—Pi)P1=DPi |
DP; + £S,P, — DP,
H(x,y)=(0,0,7(P;,Q)) and S(x,y)= AQ(] _ _<(%2))7

2 To find the fast equilibria we look for the nonnegative asymptotic
stable equilibria of system

dx =
g7 = F00. (12)

First we solve 0 = F(x), obtaining

D D
E} = (50,0.0), E;:(g,o,so—g),

E§:<527750—§750—527>7 EZ:(Sz+v50_§vSO_SZ+>7
where

¢ £Sy+D — \/(£So + D) — 4D?

2— 25
and

~  ESg+D++/(ESo + D)? — 4D?
Sy = 5 )

We discard solution E; because it does not make sense in system (4)
noticing that P, = Oyields K(P,) = 0. On the other hand, if €Sy — D < 0
0 we see that E;, E5 and E; have some negative components and
thus we can also discard those cases. Finally, if £&So — D >0 by
linearization we obtain that the only nonnegative equilibrium
which is asymptotically stable is E3.

3 In the last step, using x*(y) = E3, for any y=Q, we get the
corresponding aggregated system, that simply consists of
equation

‘1Q—AQ<1—%> (13)
dt K(So—S, )

which analysis is straightforward: any solution with positive
initial condition is in the domain of attraction of equilibrium
Q" =K(So — S,_).

Theorem 2 on the asymptotic behavior of system (4), for the case
&So — D > 0, is a direct application of Theorem 6 in Appendix A. The
result is expressed in terms of equilibrium E of system (12) (see step
2) and equilibrium Q" of system (13) (see step 3) together with their
domains of attraction. For Q" we already said that it attracts every

solution with Q(0) > 0 and we see in the next lemma, before stating
Theorem 2, a similar result for E5.

Lemma1. Letx(t): = (Sx(t), P1(t), Px(t)) be the solution of system (12)
with initial conditions S,g > 0, P1g > 0 y P>g > 0. Then

lim x(t) = Ej

t— o0

Proof. The equation for P, in system (12), P} = &(Sp — P1)P1 — DPy,
is scalar autonomous and it is straightforward to prove that for any
initial condition P;¢ > O the corresponding solution P;(t) verifies
lim; ., Py(t) =So — D/&.

Adding up the equations for S, and P, we obtain that

(S2 4+ P2) =DSo — D(S2 + Py).

The explicit solution of this linear equation leads to lim; _, .. (S, (t) +
P,(t)) = Sop for any initial conditions, in particular if Syg, P2g > 0.

We have, therefore, that solutions of system (12) with the
prescribed initial conditions are attracted to the closed invariant
set

D
I'=3(S2,P1,P) €R® : Py =Sg — —,Sy + Py =So p.

On I"the dynamics of system (?2) can be expressed through the
following equation for S,

D
S, = D<SO - <So - E) —Sz> —&S,(S0 - S2)
D2
=85~ (ESo+D)S2 +
A direct analysis of equilibria stability of this scalar autonomous
equation yields that for any ini;cial condition S,g € [0, So] the
corresponding solution tends to S, .
We can conclude that the w-limit set on any solution of system

(12) with initial conditions Syo > 0, P1¢ > 0 y Pog > 0 consist of the
asymptotically stable equilibria E;, what proves the lemma. [

Theorem 2. Let X (t) := (S5(t),S5(t), P (t), P5(t),Q%(t)) be the solu-
tion of system (4) with &>0 and initial conditions
(S]Q,Szo,Plo,on, Qo) S Ri, Pio>0 and Qo > 0. If 550 -D>0 then,
for any § > 0, there exist ¢5 > 0 and ts > 0 such that

X (t) — (5,527,50 —E,So -5, .K(So —527)> ’ <4,

for every e <éesand t > t;.

To complete the study of system (4) we have the following
result stating that if £So — D < 0 then primary producers, P; and P,
and consumers, Q(t), tend to disappear from the gradostat.

Theorem 3. Let X, (t) := (S¢(t), S5(t), P (t), P5(t), Q(t)) be the solu-
tion of system (4) with initial conditions (S0, S0, P10, P20, Qo) € [Rzi. If
&So — D < 0 then

tlim\XS(t) = (50,50,0,0,0).

Proof. We consider all along the proof that (S, Sz, P1,P2,Q) € R3,
which is a positively invariant set for system (4).



80 M. Marvd et al./Ecological Complexity 14 (2013) 75-84

Let § > 0 be such that

£Sy-D< — & (14)

1 We first prove that lim;_, ., P;(t) = 0 and lim;_, . S1(7) = So.
We already showed, after the presentation of system (4), that

lim (S1(7) + P1(7)) = So (15)

The equation for P; is

Py _

gz = §S1P1 = DPy = (§(S1 +P1) — D)Py — 6P}

From (14) and (15) we can find 7; > 0 such that for every 7 > 7, it
is verified that &(S; + P;) — D < — § and thus we have

dP,
ar = oM
what implies that lim;..P;(t)=0 and consequently

limpm 51 (T) = So.

2 Next we prove that for any € > 0 there exists 7. such that, for
T> 7T, SoT) < Sp +e:
ds,
dar - D(S1 —S3) — £S2P, < D(S1 - S2)
hence
ds d
Gy tDS2<DSi o (e7'Sy) < DS,y

and integrating on [0, 7] yields

T
Sy (1) <e Py +e Pt / DeP*s; (s)ds.
JO

Using that lim;_, ., S1(7) = Sp it is straightforward that we can
find 7. verifying the required conditions.
3 The inequality in (ii) allows proving that lim;_. ., P>(t) = 0.
Let € =1/26/€ and call 7. =1,

dp,
"Gz =DP1+ &SPy — DP, — £1'(P,,Q) < (S, — D)P + DP;

<-2p, 1 0p,

that, using the integration procedure shown in (ii) on the interval
[T2, 7], yields

N N T
Py(T) < e 3T T2)P, (1,) + e 37 / De¥P; (s)ds
J1,

which together with lim;_. ., P;(t) = 0 gives lim;_. ., P»(t) = 0.
4 We can now prove that lim;_, - S2(t) = Sp.

For that, having in mind (ii), it is enough to show that for any
€ > 0 there exists T, such that, for T > T, Sy(t) > Sg — €. This can
be obtained from lim;_ ., P,(t) = 0 which gives

2 D5~ 5) 5P, < D(S1 -~ 52) &S,
for any € >0 and t big enough, by using a similar integration
procedure to those used in (ii) and (iii) together with the fact that
lil’l’l[_> o0 51 (T) = So.
5 Finally we prove that lim;_, ., Q(t) = 0.
The equation for Q by means of the appropriate unity change
in the time variable can be written in the following form:

a1 xm)

As K is a bounded function and dQ/dt < 0 if Q(t) > K(P,(t)) any
solution Q(t) is bounded from above; let By be an upper bound of
the solution Q(t). From lim; .. P»(t) = 0 and limp, _.o K(P;) =0
we have that for each € >0 there exists t.>0 such that
K(P,(t)) < € for every t > t.. Thus, for every t > t, it holds that

dQ Q
a<re(1-¢)

and the usual integration procedure in this linear differential
inequality yields that lim;_, ., Q(t) = 0.
O

Now, we illustrate the previous results with numerical
simulations in Figs. 3 and 4. We display the results obtained
calculating the solutions with the complete system (4) and with
the aggregated system (along with the fast equilibria).

3.2. Analysis of system (6)

We study system (6) by means of the equivalent A.A. system (7),
which is in the form (8).

To apply the reduction procedure to system (7) we first need
to transform it into the slow-fast form (9). For that we must find
the slow variables and here we have two natural candidates:
each species total size, that we denote nj:=nyj+ny;, j=1, 2.
These quantities keep invariant for the fast dynamic since
d(nyj+ nyj)/dtr=0 when £=0 in system (7), that is, total
species sizes do not vary with individual movements between
vessels.

The next change of variables

(11, M21, N12, NM22) = (N11, M2, M1, N2),

Producers

Producers

0 40 80 120
Time

0 40 80 120
Time

Fig. 3. Concentration of primary producers in chemostat 1 (left) and 2 (right) calculated with the complete system. The asymptotic values rapidly approach the equilibrium
values given by the fast equilibria. We have considered Y(P,, Q) = nP,Q and K(P,) = KP,. Parameter values: ¢=0.01, =0.8, K=1.5, . =5,D=2,£=2.5,1=2.
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Fig. 4. Comparison between the concentration of consumers calculated with the
complete system (blue) and the aggregated system (green). We have considered
Y(P5, Q) = nP>Q and K(P,) = KP,. Parameter values: ¢=0.01, n=0.8, K=1.5, A =5,
D=2, £=2.5, I=2. Note that the limit value of Q(t) is not K but K- P5. (For
interpretation of the references to color in this figure legend, the reader is referred
to the web version of the article.)

leads to the following equivalent system in slow-fast form, where
nq; and nq, are the fast variables and n; and n, the slow ones.

We can now follow the step-by-step reduction procedure as we did
in Section (3.1):

1 The limit system is got replacing S; by its limit S;, i =
(16).

2 The only fast equilibrium, for every constant value of the slow
variables n; and n,, is the solution of system

1,2 in system

0 = —dmynyy + dmy(ng — nyq),
0 = —8dmynyy + dmy(ny — ni2),

that is,
my

i—1.2, _M
mp +msy

1= Ming, where pj =
which describe the asymptotic distribution of individuals of
species i in the first chemostat. It is straightforward to check that,
for constant ny and n,, (nj,,nj,) is a globally asymptotically

stable equilibrium of system

dn
d_: = —8myny1 +dmy(ng — nqq);
dn
d—;z = —8mynyy + 8my(ny — nyy)

3 Finally, we replace in the slow variables equations the fast
variables by the fast equilibria and change time variable to t = ¢t,
getting the aggregated system which, rearranging terms, reads as

follows:

dn; = < n —otunz)

—— =An (1 —-—=

dt 1m @ s

p (17)
n, — ny — 1My

—S =iy (1 - |,

de — "2 2( K> )

81

where we call 3 =1— puj and fori=1, 2
Li = Wiki(S1) + u5Ai(S2),
11 <(u1) A (sl)+<uz>zki<sz)>‘

e K;i(S1) Ki(S2)

all

B — 1 ((17)*Xi(S1)ai(Sh) N (15)°1i(52)i(S2)
vy Ki(S1) Ki(S2) ’
o1 = /31?1 and 01 = ﬁzkz.

The reduced system (17) is the classical Lotka-Volterra competition
model and its analysis can be found, for instance, in Murray (1993). It
is important to note that the parameters of the aggregated system
depend on both displacement rates and the limit values of S(t),i=1,
2. Thus, we have incorporated the effect of fast dynamics to the slow
process, which entails the dimension reduction.

o 11+ a1(51(7)N12
ar = —8mynqq + émy(ny — nqyp) + erq1(S1(T))n1s <] _ W)
dg% = —dmnqy 4 8my(ny — N12) + €A (S1(T))N12 <1 _%)7
2(51 B ) -
% = &A1 (S1(7)n1y <1 _ M -;—(ihé? )) n12> +eA Yy —ni) (1 (ny —nqy) -;(?Es(fz(;)))(nz n12)>7
C‘lii_; =&l (S1(T))N12 <1 LY ﬂ;:zsfl )) nn) + 8A2(S2(T)) (2 — N12) (1 _ (m2 —mp) J;(:lis(zsz(;))(nl - n11)>7

The following conclusions on the asymptotic behaviour of
solutions of system (6) are a direct consequence of the known
results of classical system (17) and Theorem 6 in Appendix A.

Theorem 4. Let X.(t) := (S5(t),S5(t), n§; (t),nf,(t),nf,(t),n5,(t)) be
any solution of system (6) with initial conditions in Rﬁ Then,

1 If a12K, <Ky and 21K < K, there is coexistence, that is, for any
& > 0, there exist £5 > 0 and ts > 0 such that, for every ¢ < &5 and
t>ts,

Xo(t) — A*| <8,

where A" = (51,5, ping, wing, wing, uiny) and (nj,n3) is the
positive equilibrium of system (17).

2 Ifa12K; <Ky and a1Kq > K, then species 1 excludes species 2, that
is, for any § > 0O, there exist &5 > 0 and ts > 0 such that, for every
e<esand t>ts,

IXe(t) — A*| <6,

where A* = (51,52, iK1, 05K1,0,0). Reversing the first inequal-
ities it is expressed analogously that species 2 excludes species 1.

3 If a12K, > Ky and a1K; > K, then there is exclusion of one or the
other species depending on the initial conditions, that is, for any
8 > 0, there exist £5 > 0 and ts > 0 such that, for every ¢ < &5 and
t>ts,

IXe(6) — A" <8,

where A = (51,5, u;K1, u5K1,0,0) (resp. A" =(51,5,,0,0,
wiKa, u3K3)), if (n11(0) + n21(0), n12(0) + n2(0)) is in the domain
of attraction of equilibrium (K;,0) of system (17) (resp. in the
domain of attraction of (0,K>)).
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4. Discussion and perspectives

The present work proposes a reduction method for asymptoti-
cally autonomous systems with two time scales. These systems
represent an important class of population models where two
families of processes act at different time scales and the terms
describing the environment variability tend to reach steady values.
The general form of the systems considered here is

% = f(t,n) +es(t,n).

The processes represented by f(t, n) are much faster than those
represented by s(t, n). The ratio between the orders of magnitude
of the fast and the slow process rates is marked by the presence of
the multiplicative constant &. A crucial assumption is that the
system can be transformed, by means of an appropriate change of
variables n — (x, y), into the slow-fast form:

dx

? = F(T7X<,y) + SH(TﬂX7Y)7
Y _

d_T = 8S(T,X,y).

In the above system, we are implicitly assuming that the fast
process, now represented by F(7, X, ), is conservative for the slow
variables y. The next step in the reduction procedure consists in
considering alone the dynamics associated to the fast process. In
other words, we first consider the situation where ¢=0. Two
additional assumptions are taken into account, the system is A.A.
and the limit system associated to the fast process, dx/dt = F(x,y),
possesses hyperbolically asymptotically stable equilibria, x (y), for
each fixed value of the slow variables y. Roughly speaking, we are
considering those events occurring at the fastest scale as being
instantaneous with respect to the slower ones. Thus, substituting
equilibria x'(y) into the equation for y we obtain the reduced,
aggregated, system

Y sy
where the effect of the fast dynamics is summarized by the
parameters included in the expressions of the fast equilibria.

The study of the asymptotic behavior of the reduced system
together with the fast equilibria allows to know the asymptotic
behavior of the original system. The precise assumptions to be met,
in order to ensure that the whole procedure is justified, are
collected in Theorem 6. This theorem follows directly from the
results provided in Hoppensteadt (1966, 1993, 2010).

The presented reduction method justify on theoretical grounds
what is an implicit common practice: decoupling processes that
act at different time scales which are certainly coupled. To
illustrate the method, two different applications have been
developed. The first one is described by system (4). In a two
vessels gradostat, the dynamics of a nutrient and a primary
producer (PP) are considered. This nutrient-PP system is coupled
to a population consumer in the second vessel, feeding on the
primary producer. Furthermore, we assume that demographic
processes associated to the consumer are slow with respect to
those associated to the nutrient and the PP. System (4) is
autonomous, but solving it for a new variable turn it into an
A.A. system. The equation for the consumer population reflects the
fact that its resource availability is changing with time depending
on primary producers concentration. The result of the reduction
method shows us that the consumers dynamics can be approximat-
ed by a simpler model, where resource availability is taken to be
constant.

This simplification can be very useful in many other
situations. For instance, for some species, the amount of
available resources has a continuous effect on fecundity while,
for other species, there is a threshold effect because individuals
must accumulate a given amount of resource before reproduc-
tion. In Dubreuil et al. (2006) for instance, a hawk-dove model
with demography involving two time scales is analyzed, by
taking into account these continuous/threshold effects. The
authors consider a constant amount of resource. The application
of the reduction method would permit, with the same effort, to
study the influence of a variable resource provided that it tends
to a constant value.

Another interesting application has to do with A.A. epidemic
models, which importance is revealed in Castillo-Chavez and
Thieme (1994). Autonomous ecoepidemic models with two time
scales have been introduced in Auger et al. (2009). A predator-prey
slow dynamics coupled to a fast epidemic process was analyzed.
The same type of community model with an A.A. epidemic process
would be susceptible of being studied with the help of the
reduction technique.

The second application is presented in system (6). In a gradostat
with two vessels, we consider two competing species for which all
demographic parameters are affected by the concentration of a
pollutant. The transference of the pollutant and the movements
between vessels of individuals of both species are considered faster
than demographic changes. This is also a schematic setting of many
other situations; the pollutant can be interpreted more generally
as a control factor. Solving system (6) with respect to the pollutant
concentrations variables leads to an A.A. system, to which the
reduction method applies. In order to bring the system into the
slow-fast form, we use the global abundances of competing species
as slow variables. The aggregated system turns out to be a classical
Lotka-Volterra competition model. Theorem 6 allows to export the
different outputs of a classical competition model to the model in
(6) via the fast equilibria, which fix long term individual
distributions between vessels together with asymptotic pollutant
concentrations.

In this work, we have only dealt with two time scale systems,
for which both the fast and the slow processes are assumed to be
AA. In Marva et al. (2012a,b,c) the authors addressed the
approximate aggregation of slowly varying periodic systems with
two time scales. A procedure analogous to the one presented above
was developed for systems in which the fast and the slow
processes are periodic with a common period. This period was of
the order of magnitude as the slow time scale. We point out that
there is no more difficulty in applying approximate aggregation
techniques to models with two time scales and combining both
A.A. terms with slowly varying periodic terms.
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Appendix A. Asymptotically autonomous systems and
quasistatic-state approximation for nonlinear initial-value
problems

This section is devoted to the mathematical justification of the
approximate reduction technique presented in Section 3, which is
then applied to analyze different population models.

We first introduce precise definitions of elements related to the
asymptotically autonomous concept.
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Definition. A continuous function A:(ts, oo) x D — D with
(tg,00) x DCR x RN, is said to be asymptotically autonomous, if
there exists a continuous function A : D — D such that the limit

Jim A(t,z) = A@z) (A1)
exists and it is locally uniform, that is, uniform on compact sets of
D. If function A is asymptotically autonomous then the nonauton-
omous system of ordinary differential equations

Z =A(t,z)

is also said to be asymptotically autonomous, being its associated
limit system the autonomous system

Z =A(z).

The reduction technique presented in Section 3 relies on the
results on quasistatic-state approximation for nonlinear initial-
value problems, due to Hoppensteadt (1966, 1993, 2010).
Hoppensteadt’s results are dimension reduction results that allow
us to extend approximate aggregation methods for autonomous
two time scale systems (Auger et al., 2008, 2012) to nonautono-
mous ones.

Approximate aggregation methods for two time scale autono-
mous ode systems take the general form

dz
=
where v,w : RP — RP are smooth functions representing the fast
and slow processes, z € RP is the state variables vector and ¢ is the
positive constant close to zero accounting for the ratio between
time scales. The nonautonomous version of system (A.2) is

v(2) + ew(z), (A2)

dz
i v(T,2) + ew(T, 2), (A3)
We assume that system (A.3) can be written in the slow-fast form
dx
—=F(t,x,y) + ¢H(t,x,y),
ge = Fry) +eH(m ) A
@ _ &S(tT,x,y)
dT ! K tl -

where x and y represent the fast and the slow variables,
respectively. There is no general rule describing the transforma-
tion n — (x,y). The construction of general algorithms performing
it still remains an unsolved problem. Fortunately, in some
applications, the context gives a natural way to define the also
called global variables y and, thus, to express system (A.3) in slow-
fast form.

Introducing variable t = ¢7, related to the slow time unit, and
calling

fltx.y.8) = F(Eﬁxﬁy) + 3H<f,x,y)
gt.x,y.6) = s<§ x7y> i (A5)

we transform system (A.4) into the following one which reduction
is treated in Hoppensteadt (1966, 1993, 2010)

dx

E— = t,x,y,€), X(tp) =

= Sxn, A =5 "6
a:g(nxvyﬁg)? Y(to):no

with x€R", y € R™ and ¢ is a small positive parameter. We define
the  domain  £2=£x[0,6) where  £2=1IxBgx By,
I={t:tr<t<T<o0}, Bg={xeR":|x| <R} and By ={yeR":

ly] <R}, T and ¢y being positive constants. In what follows, the
balls Bg and By can be replaced by any sets that are diffeomorphic
to them.

Hoppensteadt’s results need the following hypotheses to hold:

Hypothesis H1. Functions fand g are ¢?(£2) and any solution of the
system (A.6) beginning in Bg x By remains there for to <t <T.
Setting £ = 0 in (A.6) we obtain the reduced problem:

0= f(t,x,y,0)
A.
%: (£,%,,0), y(to) =19 o7

Hypothesis H2. There is a function x = &(t, y) such that f{t, &(t, y),
¥,0)=0for (t,y) I x By.Moreover @ € C%(I x By ) and det(f,(t, D(t,
¥), ¥, 0))#0 for (t,y) €I x By.

Hypothesis H3. The system of equations

dX
d—T: f(C(,X, ﬂvo)

has X = @(«a, B) as an equilibrium for each («, B) €I x By that is
asymptotically stable uniformly in the parameters (o, 8) €I x By,
and the initial condition &; is in the domain of attraction of the
equilibrium @(ty, no) for system (A.8) with o =ty and B = n,.

(A.8)

Hypothesis H4. The system of equations

dyo _

dt *g(n(p(t»YO)vyOvO) (Ag)

has a solution for tp<t<oo, say y(t), that it is uniformly
asymptotically stable and 7, is in the domain of attraction of y'(t).

If those hypotheses are met the following theorem applies.

Theorem 5. Let Hypotheses H1-H4 be satisfied and let yo(t) be the
solution of (A.9) for yo(to) = no. Then, for sufficiently small values of &
the solution of problem (A.6), (x(t), y(t)), exists for to<t < oo and it
satisfies

X(t) = @(t,yo(t)) +o(1),  y(t) =yo(t) +0(1)

as ¢ — 0" uniformly on any interval of the form to< t; <t < co.

Proof. The interested reader can find a sketch of the proof in
Hoppensteadt (2010) and the complete proof in Hoppensteadt
(1966). O

It is clear from (A.5) that the assumption of functions F, H, S
being A.A. is crucial for the existence of the corresponding reduced
system (A.6). The following theorem gives an easy to apply version
of Theorem 5 for asymptotically autonomous systems of the form
of system (A.4).

Theorem 6. Let us consider system (A.4) where functions F, H, S are
asymptotically autonomous on §2=[ty, oo0)x 2, Wwhere
Qn=KexKp, Kp={xeRT"*:]x<R} and Ky={yeRk:
lyl < R'}; F,H,S being their corresponding asymptotic limit functions.
Let us assume:

1F H,Sec?(82),F, H, SeC?(£2,y) and any solution of system (A.4)
beginning in Kr x Ky remains there for t € [to, co).

2 There is a function x = ®(y) € C*(K) such that for any y e Kp the
following hold:
(a) F(@(),y) =0.
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(b) The real part of the eigenvalues of ] F(D(y),y) is negative for all
yeKy.
3 The system of equations, the so-called aggregated system,

Y _50m).3)

i (A.10)

has an asymptotically stable solution y'(t).
Let (x°(t), y(t)), t=¢t, be the solution of system (A.4) for (x°(to),
¥(to)) = (0, Yo), With xo and y, in the domains of attraction, respectively,
of the equilibrium ®(y,) of system dx/dt = F(X,y,) and of y (t). Then, for
any 8 > 0, there exist ¢5 > 0 and ts > to such that

|(x*(1),y° () = (@ (1)), y" (1) <8,

for every ¢ < &5 and every t > t;.

Proof. We recall that for autonomous systems asymptotic stabili-
ty is equivalent to uniform asymptotic stability in the sense of
Hoppensteadt (see Hahn, 1967). On the other hand, conditions 1-3
in the theorem imply Hypotheses H1-H4. So, the proof is a direct
consequence of Theorem 5. []
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